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Postpartum dysgalactia syndrome (PPDS) and locomotory disorders are common 
health problems in sows. Previous research suggests that they can cause substantial 
losses, reduce sow welfare, and result in premature removal of the sow from the herd. 
However, economic consequences of PPDS and locomotory disorders have not been 
investigated thoroughly. The goal of this study was to examine economic losses caused 
by PPDS and locomotory disorders and their impacts on sow longevity. A stochastic 
dynamic programming model, which maximizes return on sow space unit and assesses 
sow replacement under several scenarios, was developed. The state variables were 
litter size, parity number, and sow’s health status. The model describes changes in the 
production parameters such as the number of piglets born and piglet mortality. Herd 
data originating from commercial sow herds and from a research farm were used to 
parameterize the model. Sow longevity, health, and economic results are related to each 
other. Eliminating the risk of PPDS from the model increased the value of sow space unit 
by €279 when compared to the baseline scenario. Eliminating the risk of locomotory 
disorders increased value by €110. Results suggest that these estimates correspond to 
about €29.1 and €11.5 in economic costs per housed sow during her lifetime. The esti-
mated magnitude of losses was €300–€470 per affected sow for PPDS and €290–€330 
per affected sow for locomotory disorders. However, realistically speaking, not all of 
these costs are avoidable. Due to premature replacement associated with these two 
disorders, the average number of litters that the sow would deliver during her lifetime is 
decreased by about 0.1–0.4 litters depending on the scenario. We also observed that 
the optimal lifetime of a sow is not a fixed number, but it depends on her productivity level 
as well as health status. In general, a healthy sow could stay in the herd until she has 
produced 6–10 litters. Research is needed to understand the structures and interactions 
underlying health impairments, performance, replacement policies, and farm economics, 
and to provide pork producers with management recommendations.
Keywords: dynamic programming, economic loss, sows, post partum dysgalactia syndrome, locomotory disease, 
longevity, piglet mortality, litter size
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inTrODUcTiOn
Citizens perceive animal health and welfare as important dimen-
sions of animal production (1, 2). Also from the producers’ 
perspective, they are very important issues because production 
diseases in pigs can cause substantial losses [e.g., Ref. (3, 4)]. 
Diseases alter appetite, feed digestibility, impair the utilization of 
nutrients, and affect respiratory efficiency (5). Thereafter, health 
disorders typically continue to harm productivity of the affected 
animals in ways extending beyond the known pathological effects, 
potentially for a long time even after having been successfully 
treated.
Increased mortality and premature removal of sows from the 
herd have been studied widely (6–8), but relative to the overall 
effect of diseases in sow populations, they represent only a small 
proportion. At the herd level, fertility and productivity of sows 
as well as the quality of piglets are typically altered, and thereby, 
herd output and renewal potential is impaired. Consequently, 
involuntary herd turnover is increased, planned genetic progress 
deteriorated, and parity profile and overall performance of the 
herd adversely affected (9). Reduced sow longevity has also 
economic impacts (10). If an increased disease incidence leads to 
too high use of antimicrobial drugs, it can also be economically 
costly to the producer (11).
A number of studies have investigated the dynamics of 
sow herds, integrating directly observable, consistently and 
coherently reported information, by using data and records 
obtained for instance from farm production monitoring software 
(12–14). Simultaneously, economically costly outbreaks of some 
diseases, such as PRRS [e.g., Ref. (15, 16)] or Actinobacillus 
Pleuropneumoniae [e.g., Ref. (17)], have received attention. 
However, research on disorders of sows that cause less obvious 
losses to production and economics is scarce (18).
In this study, we focus on postpartum dysgalactia syndrome 
(PPDS) and locomotory disorders, which are common health 
problems occurring in sows. These diseases can cause produc-
tivity losses, elevated mortality, treatment costs, and premature 
sow removal from the herd [e.g., Ref. (19, 20)]. Furthermore, 
they have important welfare implications (20). However, there 
is limited research on the economic consequences of these two 
diseases in sows (4).
Postpartum dysgalactia syndrome and locomotory disorders 
influence sow longevity, which leads to economic losses [e.g., 
Ref. (21)]. For example, the costs of locomotory disorders in 
sows can range from a few dozens of euros up to €180 € per 
lame sow [e.g., Ref. (18, 22, 23)]. Wallgren et al. (22) estimated 
the cost of mastitis in sows in a median case at €95 per sow and 
substantially higher costs in the most severe cases, which were 
likely PPDS. Stalder et  al. (24) reported that 21–35% of sows 
are removed from the herd due to reproductive failures, which 
include PPDS, and that 9–15% of sows are removed due to 
locomotory disorders. Regarding removal, a sow may be culled 
involuntarily due to the sow not recovering from a disease, or 
voluntarily due to poor productive performance stemming from 
the disease.
Because economic losses due to these two disorders are related 
to longevity, a well-designed sow replacement protocol is of vital 
importance to producers. The challenge, from the modeling 
perspective, is to identify important factors in the system, e.g., 
parity, reproductive efficiency, and frailty indicators, and incor-
porate them robustly in to the model. From a decision-making 
viewpoint, a major challenge is to account for the uncertainty and 
variation, especially in litter size. From several perspectives, there 
is a need for improved understanding of the links between animal 
health, productivity, sow removal, and economics.
This study contributes to the literature on the economic 
importance and sow removal implications of PPDS and locomo-
tory disorders. The aims of this study are to: (1) assess economic 
burden of two common diseases in sows, namely PPDS and 
locomotory disorders and (2) examine parity and sow removal 
from the herd. We develop a numerical optimization model that 
simulates the production cycle of a sow and evaluates the replace-
ment decision (i.e., removing a sow from the herd by culling and 
replacing her with a pregnant gilt).
MaTerials anD MeThODs
Diseases studied
Postpartum dysgalactia syndrome affects both the sow and her 
litter. It occurs most commonly within the first 3  days after 
farrowing. Insufficient milk production is the most important 
symptom. Mastitis with or without total agalactia, oedema of the 
mammary gland, vaginal discharge, coprostasis, hyperthermia, 
apathy, and inappetence can also be observed. Although sows 
often show no clear symptoms at an early stage, the disease can 
be diagnosed by observing the piglets; PPDS is a primary cause 
for neonatal problems such as diarrhea, crushing, inanition, and 
poor growth [see, e.g., Ref. (19, 25–28)]. The phenomenon is 
sometimes referred to as problem litters.
Postpartum dysgalactia syndrome is stated to be the most 
common disease complex of sows after parturition [e.g., Ref. 
(29)]. Its etiologies and signs are numerous, and the dominant 
representation of this disease complex varies from herd to 
herd. Diagnostics, register keeping, and treatment differ greatly 
between herds as well as between reported studies. Thus, within 
and between herd, prevalence estimates are problematic to com-
pare. In Belgium, 34% of herds reported having PPDS-related 
problems during the previous year (30). Herd-level estimates 
ranged from 1.1 to 37.2% (28). Average herd level PPDS incidence 
is approximately 13% (28, 31–35). However, very early lactation 
failure may affect 100% of sows in a farrowing group.
Locomotory disorders are painful conditions that alter swine 
physiology and behavior. They comprise variety of conditions, 
such as osteochondrosis, arthrosis, arthritis, leg weaknesses, 
paralysis, and foot or leg injuries, infections, and fractures in 
sows. Locomotory problems are prevalent conditions, but their 
clinical definitions, stage at which they are identified, and how 
they are treated vary greatly. Although literature has identified 
risk factors for leg disorders [e.g., Ref. (36)], locomotory prob-
lems are often not recognized early enough to make a successful 
intervention. Specific diagnosis would often require the use of 
different diagnostic methods such as radiography of bones and 
joints or bacteriology of joint fluid.
FigUre 1 | State variables (in blue) influence economic and physical 
performance parameters (in orange) of a sow in the dynamic programming 
model.
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Sows suffering from locomotory problems are prone to 
impaired performance: they have longer lying times and are 
likely to have decreased appetite compared to their sound 
counterparts. Several studies have reported prevalences of 
locomotion, leg, and claw-related problems. An average of 10% 
lameness prevalence has been observed; however, this varies 
greatly between studies and among herds within the same study 
(20). Locomotory disorders, like PPDS, influence sow longevity 
[e.g., Ref. (37)].
Dynamic Programming Model  
of a Farrowing Farm
Objective Function
Piglet production is modeled with a stochastic dynamic 
programming model partly similar to the Hierarchic Markov 
Process model in Kristensen and Søllested (13). One benefit of 
dynamic programming is that it can take into account the value 
of information when it arrives, and its impacts on decisions. 
The assumed objective of a farrowing farm is to maximize net 
returns to a sow space unit by optimizing the replacement deci-
sion (the removal of a sow by culling, followed by the purchase 
of pregnant gilt). Sow space unit refers to the housing capacity 
that a sow requires during the production cycle.
The model accounts for the most important events in the 
productive life of a sow and its piglets. Replacement decisions are 
solved, and corresponding returns simulated, by state of nature, 
which represents observable characteristics of a sow. Parity 
number, piglet yield, and occurrence of a disease are used as the 
state variables. Uncertainty about sow performance is taken into 
account because exact piglet yield in the future is unknown when 
the producer decides on removal. By contrast, the mean and vari-
ance of biological parameters such as piglet yield are assumed to 
be known. The model optimizes the replacement decision on the 
condition that sufficient production capacity is allocated to each 
production stage. Hence, this maximized variable is return on 
investment given a specific production technology. Cost of capac-
ity (i.e., fixed costs) is included in the model as a time-constant 
factor. Fixed costs are needed to make different production 
stages consistent, but they do not impact the optimal timing of 
replacement.
The Bellman equation (38) for this problem is of the form:
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where t is a time index measuring the number of farrowings 
elapsed from the start of production in the sow house; xt is the 
state vector where xt,prices, xt,disease, xt,parity, and xt,litter represent state 
variables for time-constant market prices, currently observed 
disease symptoms, currently observed parity number (1 = first 
farrowing, 2 = second farrowing, etc.) and currently observed lit-
ter size (i.e., total number of born piglets in the current parity) in 
period t, respectively; xt,disease refers to the occurrence of any of the 
relevant diseases (PPDS, locomotory disorders, other disorders) 
in the sow; Vt(xt) is the value function (i.e., the maximized value 
of a capacity unit as a function of the state variable) in time period 
t; Rt,sow is a one-period returns function for time period t; ut is 
the control variable; β is discount factor; E(.) is an expectations 
operator applied on the term inside brackets; Vt+1(xt+1) is a value 
function at period t + 1; g is a transition equation governing the 
evolution of piglet yield over time as a function of state variables 
and control policy; q is a transition equation governing the 
evolution of parity number as a function of other state variables 
and control policy; xt,PPDS refers to the sow suffering from PPDS; 
xt,leg refers to the sow suffering from locomotory disorders; xt,other 
refers to the sow suffering from disease any other than PPDS or 
locomotory disorders;1 Prdisease is the probability of observing a 
disease in a sow during the current parity; and εy is a parameter 
indicating variation related to change in the litter size between 
successive parities.
The equations used in the model are specified in detail below. 
Transition equations for litter size and parity number have a con-
trollable part that depends on the control variable, autonomous 
part that is realized deterministically, and a random part that 
is exogenous. In the model, we characterize how major events 
(Figures  1 and 2) affect cash flows, costs or revenues, during 
a farrowing cycle, and thus produce information needed to 
estimate one-period cash flows.
Control Variable and Parity Transition Equation
The control variable ut can take on one of two values {0,1}, where 
0 refers to not replacing the current sow after the current parity, 
and 1 refers to replacing the animal with a pregnant gilt. Hence, 
the endogenous replacement u is applicable to cases where exog-
enous replacement will not take place. Exogeneous replacement 
occurs with probability Prcull, which is a function of parity, litter 
size, and sow’s health status.
1 Other disorders were not modeled explicitly but they were included in the model 
for consistency.
FigUre 2 | The production cycle of a sow and cash flows (revenues, costs) associated with these events, as simulated in the dynamic programming model.
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The transition equation for parity number is presented below 
in Eq. 2. In cases where the sow is not replaced, the parity number 
increases by one between successive farrowings. In cases where 
the sow dies or is culled due to disease, poor performance, or 
other reason, the parity number after the removal is set at one 
because the replacement animal is a gilt:
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The probability of removing the sow for exogenous reason, 
Prcull, is parameterized as follows:
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where SBM refers to the proportion (%) of sow’s born piglets in 
parity xt,parity that die neonatal or perinatal; PM is the proportion 
of born piglets that die between farrowing and weaning. Operator 
“min” selects the smallest element inside the parenthesis. 
We restrict this element to a maximum of five, and the variable 
xt ,* parity refers to the number of piglets born to an average sow 
in the herd in a given parity (more specifically, when no “sam-
ple selection” of sows would have occurred due to removing 
poorly performing sows in the previous parities). Therefore, 
x xt t, ,*parity parity−  refers to how much a sow’s current (observed) 
litter size deviates from the expected litter size of an average sow 
that has farrowed a given number of times. Z(xt,parity) is a calibra-
tion parameter that ensures the best fit for the combination of the 
two datasets used. For the first three parities, it has an average 
value of 0.12; thereafter decreasing by about 0.05 per parity. Prcull 
is restricted to have a minimum value of zero and a maximum 
value of one.
Data Sources
The Probit model we use is originate from Niemi et  al. (39), 
which is based on a dataset obtained from the Finnish Animal 
Breeding Association (Faba), a former animal breeding coop-
erative in Finland. This source provided animal-level data on the 
productivity and genetic background of sows from 31,949 litters 
born in 2002. Prcull was reported for an animal of average genetic 
merit that was housed by a farm with the parameters similar to 
the sample average. Hence, our model focuses on a typical sow 
on a typical herd.
Beyond the Probit within Eq. 3, model was calibrated using 
our data collected from commercial sow herds by University of 
Helsinki coauthors. These data originated from 40 herds and 
covered 18,753 sows in the herds in 2014. We used these data to 
FigUre 3 | Probability distribution of litter size assumed in the dynamic 
programming model for primiparous sows.
Table 1 | The number of liveborn and stillborn piglets (mean) by parity for sows 
treated healthy and thus untreated.
Parity 
number
number of sows liveborn stillborn
Untreated Treated Untreated Treated Untreated Treated
1 645 140 10.2 8.5 1.0 1.3
2 514 74 10.6 11.1 0.9 1.2
3 373 70 11.6 11.5 1.1 1.5
4 230 38 12.4 12.8 1.1 1.2
5 159 24 12.4 11.9 1.3 2.0
6 118 8 12.3 10.5 1.6 1.3
7 78 10 12.4 10.9 1.5 2.1
8 43 4 12.0 13.3 2.3 1.0
9 17 2 11.8 11.0 1.3 1.5
10 7 0 12.3 n/a 1.7 n/a
11 1 2 13.0 12.0 2.0 4.5
Data are from a research at Hyvinkää, Finland.
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calibrate litter sizes and primiparous sow removal rate to 2014 
levels. Therefore, the parameter values in our entire model are 
based on joint information from two datasets.
These datasets did not provide sufficient animal-level follow-
up information on PPDS and locomotory disorders over several 
parities. Therefore, we obtained information on how the health of 
a sow impacts sow removal and litter size from the herd database 
of a former pig research station, which had been operated by 
Natural Resources Institute Finland (Luke) at Hyvinkää, Finland. 
The Luke dataset comprises 871 sows born between 1998 and 
2012, and measures 2,568 litters. For each sow, the data included 
performance data (litter size, number of litter, etc.) and records 
of production diseases, veterinary and medical treatments, and 
exit dates with removal destination and general reasons. The 
effect of health disorders on productivity at various parities was 
obtained from the data including sows treated or not treated with 
antimicrobials, pain killers, or both. The data included no cases 
of observed production disease without treatment. For each sow, 
the time of entering the herd, the time of removal, and the time 
spent in the herd, were considered. Parameter −0.370 in Eq. 3 
above is an adjustment factor that quantifies how disease in the 
sow contributed to removal.
Transition Equation for Litter Size
Litter size (i.e., the total number of piglets born, either alive or 
stillborn) is a random variable whose evolution over successive 
parities is modeled as a stochastic process based on the com-
mercial herds datasets:
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where PMT is the ratio of piglets born alive to the total number 
of piglets born; Nt,litter is a factor used to adjust expected litter size 
to the currently prevailing level; εlitter is unexplained variation in 
litter size (mean = 0, SD = 3.025 piglets) for multiparous sows, 
and εprimiparous is variation in litter size (mean = 0, SD = 2.606) for 
primiparous sows. The factor 0.219xt,litter refers to the repeatability 
of deviation of litter size when compared to the expected litter 
size had sample selection (i.e., removal of less productive sows) 
not occurred. In addition, 1.41% mortality for sows per farrow-
ing cycle is assumed. The probability distribution for litter size of 
primiparous sows given in Figure 3 is based on the commercial 
herds datasets.
Hierarchical Modeling of Diseases in Pigs
Interactions between disease incidence and litter size and piglet 
mortality are modeled hierarchically based on the Luke data. For 
a given current litter size, the likelihood of a sow suffering from 
a disease is first adjusted according to Eqs  5–7 below. That is, 
the model first determines litter size, and then which individuals 
are suffering from disease. Next, piglet mortality (Eq. 8) and sow 
removal rates (Eqs 2 and 3) are determined as a function of litter 
size and disease. Hence, disease influences litter size through 
model dynamics presented in Eqs 2–4.
Culling Rates for Treated and Untreated Sows
To parametrize the impacts of PPDS and locomotory disorders 
in sows, we use the Luke data as described in more detail here. 
The dataset provides detailed health records for each sow. 
During parities 1–4, the most common reasons for treating a sow 
were PPDS2 (26–40% of treatments) and locomotory disorders 
(23–31%). During parities 5–9, locomotory disorders were the 
most common reasons for treatment (32–100%). Percentage of 
sows treated was highest at the first parity (18%), decreasing to 
13–16% at parities 2–5, and to 11% or less at parities 6–11.
In the first parity, sows with reported disease and treatment 
farrowed fewer piglets compared to healthy and thus untreated 
sows (Table  1). However, at parities 2–4, no major differences 
were found. During parities 1–5, treated sows had 0.1–0.6 more 
2 We considered the udder-related dysfunctions that occur during the postpartum 
period from day 0 to 4 following parturition.
Table 2 | Shares of removed and remaining sows in a research farm herd,  
by parity, and shares of removed sows by veterinary treatment.
Parity 
number
number of litters 
in the data
remaining 
sows, %
removed 
sows, %
removed after 
treatment, %
no Yes
1 790 75 25 57 43
2 589 76 24 72 28
3 444 61 39 71 29
4 268 68 32 77 23
5 183 67 33 75 25
6 126 70 30 84 16
7 88 52 48 79 21
8 47 38 62 83 17
9 19 37 63 83 17
10 7 43 57 100 0
11 3 0 100 33 67
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stillborn piglets than untreated sows. After the fifth parity, treated 
sows produced fewer piglets than untreated sows.
In the first parity, the number of piglets born alive was statisti-
cally different for treated versus untreated sows at the risk level 
of 0.01 (t-test, p = 0.000). However, the difference in number of 
stillborn piglets at the first parity was less evident (p = 0.070). 
During parities 2–4, no statistical significances were found at the 
0.05 risk level. At parity 5 or thereafter, there were too few sows 
to permit statistical analysis.
After the first parity, 25% of sows in this dataset were removed 
from the herd (Table 2). Of these primiparous sows, 43% were 
reported to have been suffered from a production disease and 
been treated. As parity number increased, the percentage of 
removal increased and the percentage of treated sows among 
them decreased. During parities 1–5, the average number of 
piglets born alive was 0.9 higher (and the number of stillborn 
piglets was 0.3 lower) for sows remaining in production than 
for removed sows. Hence, piglet yield may have been a factor in 
research farm’s decision to replace a sow. Treatment rate did not 
seem to increase as parity number increased. On the contrary, the 
highest overall percentage of treated sows and removal rate after 
treatment was found at the first parity.
Based on the data available for each disease, the probability 
of occurrence for PPDS, locomotory disorder, and any other 
disorder is determined as a function of litter size (total number 
of piglets born) and parity number:
 
Pr( ) . . . ( | )
.
, , ,x x xt t tPPDS parity parity= − − =
+
0 073 0 012 0 047 1
0 056( | ) ., ,x xt tparity litter≥ +9 0 004  (5)
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where Pr(.) refers to the probability of occurrence of the dis-
ease of interest and given the parity number and litter. Note 
that some parameters are multiplied by dummy variables that 
take a value of 1 only for given parity numbers (i.e., they are 
conditional).
Piglet Mortality
Neonatal and perinatal piglet mortality (SBM) as well as piglet 
mortality after birth until weaning (PM) are determined as follows:
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Pr(.) is defined separately for litters of primiparous and mul-
tiparous sows as are mortality rates. The probability of locomo-
tory disorders is defined only for the first parity because elevated 
mortality only occurred for the litters of primiparous sows. The 
probability that any other disorder is observed is defined the 
same for any parity. Finally, PM is defined as a proportion of the 
total number of piglets born (i.e., it is based on the state variable 
and not on piglets born alive). Parameter values for the impacts 
of disease on piglet mortality are calculated from the Luke’s 
research farm dataset as the difference between mortality rates 
among treated and untreated sows in the same parity. Litter-size-
dependent piglet mortality is estimated using a combination of 
the two datasets. Piglet mortality after weaning is assumed to be 
fixed at 3.2%.
Other Physical Parameters
Other parameters are based on information collected from 
farms and relevant literature. Pregnancy is assumed to last for 
116 days. Piglets are assumed to be weaned at the age of 28 days 
(9.6 kg) and sold for fattening at the age of 67 days (30 kg). A 
sow is assumed to return to estrus 1 week after weaning. If an 
insemination is unsuccessful (as 20% are assumed to be), the time 
interval between successive parities is increased. These sows must 
be re-inseminated, when they return to estrus 3 weeks later. A sow 
may be serviced a maximum of three times before it is removed 
from the herd due to infertility (7.5% of sows).
Piglets and sows were assumed to be fed according to the 
Finnish feeding recommendations (40). Working time needed to 
take care of the sows and piglets were obtained from Parviainen 
(41) and the space allowance (square meters) per piglet and sows 
was determined according to recommendations by MMM (42).
Price Parameters and One-Period Returns
Consistent with our model’s recursive structure, the cash flow 
of a piglet producing farm is described by one-period revenues 
and costs, which are obtained over time and separately for each 
time period (see Eq.  1). One-period returns depend on the 
state of nature, policy chosen, and economic parameters. More 
specifically, they take into account revenue from selling piglets, 
and expenses related to feeds, insemination, sow replacement, 
labor, and veterinary services. The total cost of producing piglets 
includes fixed costs, although they do not affect the model’s 
solution.
Table  3 describes the price parameters used in the model. 
These are based on national statistics and information acquired 
from commercial farms.
Table 3 | Price parameters used in the dynamic programming model.
Parameter Value Unit
Number of piglets born per primiparous sows 13.24 Piglets/litter
Gestation feed 17.42 €/1,000 MJ NE
Lactation feed 21.19 €/1,000 MJ NE
Piglet feed 39.35 €/1,000 MJ NE
Price of labor 16.00 €/h
Price of gilt 350.00 €/gilt
Price of insemination dose 25.00 €/serving
Value of culled sow 108.00 €/sow
Price of piglet (30 kg) 55.29 €/piglet
Cost of veterinary treatment (labor, medicine) 30.00 €/treatment
Fixed housing costs 351.00 €/m2
Discount rate 6% Per annum
Maintenance costs of housing 1% Of house value
Overhead costs 4% Per other costs
MJ NE, mega joules net energy.
FigUre 4 | Return on fixed costs (€ per sow space unit) in the scenarios 
simulated by the dynamic programming model. PPDS, postpartum 
dysgalactia syndrome.
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Data regarding the cost of treatment, treatment efficacy, or 
the cost effectiveness are not readily available. Direct costs of 
treatments (veterinarian visits, procedures, and medicines) are 
estimated based on veterinary inspection visits, which occur six 
times a year, cost of medication, and increased labor. This labor 
is estimated as an average cost per task involved in treating an 
animal with either of the diseases, including veterinary care, labor 
to conduct the diagnosis, and administration of the treatment. 
Other cost consequences are determined by the equations pre-
sented in the previous sections.
A policy iteration method is used to solve the stochastic 
dynamic programming model [e.g., Ref. (43)]. Because litter size, 
piglet mortality, and parity number are stochastic factors that 
show covariation, Choleski factor decomposition is used when 
simulating these variables. Correlation between various biologi-
cal parameters of the sow are based on the two datasets. Where 
a parameter is unavailable, we select a value based on results 
reported by Serenius et  al. (44). The model was programmed 
in Matlab R2014b (8.4.0150421; The MathWorks, Inc., Natick, 
MA, USA).
scenarios
The following scenarios are simulated first and, thereafter, results 
are compared to the baseline scenario.
 (1) The baseline scenario where the model is parametrized as 
described in Section “Dynamic Programming Model of a 
Farrowing Farm.”
 (2) The incidence of PPDS is reduced by 50% from the baseline 
scenario.
 (3) The incidence of PPDS is set at 0 (reduced by 100% from the 
baseline scenario).
 (4) The incidence of locomotory disorders is reduced by 50% 
from the baseline scenario.
 (5) The incidence of locomotory disorders is set at 0 (reduced 
by 100% from the baseline scenario).
 (6) The incidence of PPDS and locomotory disorders are set at 0.
 (7) The probability of removing the sow (Prcull) is decreased by 
0.1 (10%) from the baseline scenario.
 (8) The probability of removing the sow (Prcull) is increased by 0.1 
(10%) from the baseline scenario.
 (9) Treatment costs of sows suffering from either disease is 
doubled from the baseline scenario.
In addition, a sensitivity analysis on the economic impacts of 
diseases in response to a farm’s average sow replacement rate is 
conducted. This is done by simulating each scenario (1 through 9) 
with the probability of removal increased by reducing the calibra-
tion factor Z(xt,parity) by 0.06 points with comparison to Eq. 3. This 
allows us to examine the economic consequences of disorders in a 
herd where sow longevity is generally poorer than in the standard 
simulation. This may be relevant because sow replacement rates 
vary from herd to herd, and the initial replacement rate is expected 
to influence economic losses caused by various scenarios.
resUlTs
Value of sow space Unit
Figure 4 shows the return on fixed costs (or return over variable 
costs) for each scenario, which is measured as the value function 
in the first period minus the fixed costs. In the baseline scenario, 
it is simulated to be €3,962 per sow space unit (over entire lifetime 
of that unit), which on average corresponds to €12 per piglet or 
about €119 per litter. These estimates take into account revenues 
and variable costs from all sows kept at the sow space unit cur-
rently or in the future. However, after accounting for fixed costs, 
the simulated net present value (i.e., all discounted revenues 
minus all discounted costs) of the sow space unit is substantially 
lower. After subtracting fixed costs, the net present value in the 
baseline scenario falls to €313 per sow space unit.
Eliminating PPDS from the model increases the value of sow 
space unit by €279 (7% of baseline return on fixed cost) and 
Table 4 | The likelihood of replacing a sow, by parity and litter size, as simulated 
by the dynamic programming model.
Parity number
1 2 3 4 5 6 7 8 9
Litter size  
(total number  
of born piglets)
1 0.55 0.63 0.66 0.67 0.69 1.00 1.00 1.00 1.00
2 0.51 0.58 0.61 0.62 0.64 1.00 1.00 1.00 1.00
3 0.46 0.52 0.55 0.57 0.59 1.00 1.00 1.00 1.00
4 0.42 0.48 0.50 0.52 0.54 0.56 1.00 1.00 1.00
5 0.38 0.43 0.46 0.48 0.50 0.52 1.00 1.00 1.00
6 0.35 0.39 0.41 0.43 0.45 0.48 1.00 1.00 1.00
7 0.32 0.35 0.37 0.39 0.41 0.44 1.00 1.00 1.00
8 0.29 0.32 0.34 0.36 0.38 0.41 1.00 1.00 1.00
9 0.27 0.29 0.31 0.33 0.35 0.38 0.42 1.00 1.00
10 0.26 0.27 0.28 0.30 0.32 0.36 0.40 1.00 1.00
11 0.25 0.25 0.26 0.28 0.30 0.33 0.38 1.00 1.00
12 0.24 0.24 0.24 0.26 0.28 0.32 0.37 1.00 1.00
13 0.23 0.22 0.23 0.24 0.27 0.31 0.36 1.00 1.00
14 0.23 0.22 0.22 0.24 0.26 0.30 0.35 1.00 1.00
15 0.24 0.21 0.22 0.23 0.25 0.29 0.35 0.46 1.00
16 0.24 0.21 0.21 0.23 0.25 0.29 0.35 0.46 1.00
17 0.25 0.22 0.22 0.23 0.25 0.30 0.36 0.47 1.00
18 0.26 0.22 0.22 0.23 0.26 0.31 0.37 0.48 1.00
color scale of likelihood
0.20 0.30 0.40 0.50 0.60 0.70 0.80 0.90 1.00
0 = no replacement, 1 = always replaced.
FigUre 5 | Return on fixed costs (€ per sow space unit) in the sensitivity 
analysis scenarios simulated by the dynamic programming model. PPDS, 
postpartum dysgalactia syndrome.
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eliminating locomotory disorders increases the value by €110 
(3% of the baseline). This corresponds to about €29.1 and €11.5 
per housed sow during her lifetime. Focusing on ill sows, PPDS 
is estimated to lead to losses of €300–€470 and locomotory disor-
ders are estimated to lead to losses of €290–€330 per affected sow. 
Hence, for an average-sized herd in the 2014 dataset (469 sows 
per herd), the losses could be about €11,000 annually. Increasing 
the likelihood of a sow’s removal by 0.1 (+10%) decreases the 
value function by €546; conversely, decreasing it by 0.1 (−10%) 
increases the value function by €462 per sow space unit. Finally, 
doubling the treatment costs decreases the value function by 
€142 per sow space unit when compared to the baseline scenario. 
Doubling treatment costs for all diseases results in losses, which 
are close to 30% of the losses estimated to be caused by PPDS and 
locomotory disorders.
Recall that, for the sensitivity analysis, the model was run 
with the similar parameter values as above with the exception 
that the sow replacement rate was increased by 0.06 points by 
adjusting the calibration factor. With this higher probability of 
removal, scenarios 1 through 9 generate 2–12% larger impacts 
on the value function compared to the standard simulation (i.e., 
the magnitude of the difference between the baseline scenario 
and other scenarios is larger in Figure 5 than in Figure 4). For 
instance, the costs due to PPDS increase from €279 to €294 per 
sow space unit and losses due to locomotory disorders increased 
from €110 to €120 per sow space unit. Therefore, herds with a 
higher sow replacement rate appear to suffer more from diseases 
than herds with a lower sow replacement rate.
likelihood of replacement
Table 4 summarizes, from our simulation results, the likelihood 
of replacement given a sow’s parity and litter size, regardless of 
disease status. The table shows that a sow is typically replaced 
after the seventh or eighth parity even if it would otherwise be 
in good condition. This is because the expected productivity of 
a primiparous sow is sufficiently high to justify the current sow’s 
removal. Although a sow producing smaller litters has an elevated 
likelihood of replacement, a smaller litter as such does not neces-
sarily lead to removal.
Results from scenario 7 reveal that a 0.1 (−10%) decrease 
in Prcull decreases the likelihood of replacement as expected by 
definition, but also results in more rapid replacement of sows 
that produce the smallest litters, about one parity earlier than 
in the baseline scenario. This is because scenario 7 increases 
expected productivity of the subsequent sow compared to poorly 
yielding current sow and, therefore, makes it more profitable to 
replace poorly yielding sows. Moreover, increasing profitability in 
general shortens the production cycle in dynamic programming 
models. A qualitatively similar result is obtained if both PPDS 
and locomotory diseases are assumed to be absent. An opposite 
but smaller impact is obtained when Prcull is increased by 0.1 
(+10%). The removal of disease results in the same incentive to 
remove low-yielding sows sooner.
Piglet Yields and longevity
Table 5 summarizes, from our simulation results, lifetime piglet 
yields and expected number of litters produced per sow. In the 
baseline scenario, on average, 9.8 piglets per litter are sold and 
the average number of litters a sow produces is 3.5. Eliminating 
Table 5 | Lifetime piglet yield (number of weaned piglets and sold piglets) per sow, and expected number of litters produced per sow, according to the dynamic 
programming model for the analyzed standard simulation scenarios and sensitivity analysis scenarios.
standard simulation sensitivity analysis 
Piglets sold Piglets weaned number of litters Piglets sold Piglets weaned number of litters
(1) Baseline 34.0 35.1 3.48 29.1 30.1 2.90
(2) PPDS −50% 35.4 36.6 3.62 30.2 31.2 3.00
(3) PPDS −100% 36.8 38.1 3.76 31.4 32.4 3.10
(4) Locomotory disorders −50% 34.6 35.8 3.54 29.6 30.6 3.00
(5) Locomotory disorders −100% 35.2 36.4 3.61 30.1 31.1 3.00
(6) PPDS, locomotory disorders −100% 38.1 39.3 3.88 32.5 33.5 3.30
(7) Probability of removal − 10% 44.2 45.7 4.56 37.3 38.6 3.80
(8) Probability of removal + 10% 26.8 27.7 2.72 23.3 24.1 2.30
(9) Treatment costs doubled 34.1 35.2 3.49 29.1 30.1 2.90
PPDS, postpartum dysgalactia syndrome.
All percentage changes in the scenarios refer to a change from the baseline scenario.
FigUre 6 | The minimum litter size (by parity number) that a sow must to 
exceed in order to remain in the herd, according to five scenarios simulated 
by the dynamic programming model. PPDS, postpartum dysgalactia 
syndrome.
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either PPDS or locomotory disorders from the model (scenarios 
3 or 5) yields 0.1–0.3 more litters and 1–3 more piglets sold dur-
ing the sow’s lifetime. However, this result was constrained by 
the structure of the model. Scenario 7, in which the probability 
of removal was decreased by 0.1 (−10%) resulted in 1.1 litters 
higher lifetime production than the baseline scenario. Therefore, 
being able to reduce the removal rate would increase sows’ life-
time productivity more substantially because then the change in 
removal rate applies to all sows. The removal rate can be reduced 
for instance, by sound and planned culling policy, which requires 
an in-depth understanding of herd characteristics, applying a 
combination of low culling rate and rigorous monitoring and 
health management in early parities, or by improving breeding 
policies and gilt selection.
Figure 6 illustrates, for a subset of scenarios, how large a litter 
would have to be in each parity for the sow to be replaced. For 
instance, according to the baseline scenario, a sow must produce 
at least six piglets in their seventh parity and at least 12 piglets in 
their eighth parity, or they will be replaced. However, in scenario 
7, where the probability of removal is decreased by 0.1 (−10%), a 
larger number of piglets is required for the sow not to be replaced. 
In other words, although the longevity of the sow is improved, a 
larger litter must be produced for the sow to be kept in the herd 
as compared to the baseline scenario.
DiscUssiOn
In this paper, we have examined the economic burden of two 
important and common disease complexes in sows, PPDS, and 
locomotory disorders with special attention to sow longevity. We 
have also examined the criteria to replace a sow by parity and 
litter size as identified using a numerical dynamic programming 
model.
We compared several scenarios associated with two health 
conditions. In summary, the results suggest that the losses due 
to the occurrence of PPDS and locomotory disorders for an 
average-sized herd in the 2014 dataset (469 sows per herd) could 
be about €11,000 annually. With 5–15% prevalence of the studied 
diseases in our dataset, the estimated losses per diseased sow 
could be €300–€470 for PPDS and €290–€330 for locomotory 
disorders. Further, the prevalence of these disorders as reported 
in the literature implies that the costs would be considerable at the 
country level. Expanding the perspective to national level shows 
that a rough estimate based on our calculations adds up to a total 
amount of €2 to €4 million in Finland annually. In comparison 
with the highly contagious diseases, which occur rarely but 
cause costly outbreaks (45–47), the one-time economic burden 
caused by PPDS and locomotory diseases is smaller. However, 
the constant presence and high incidence of PPDS and locomo-
tory disorders make their overall costs likely larger than those of 
highly contagious diseases.
In comparison to published studies, our estimates are fairly 
high (4, 18, 22, 23). This may be due to several aspects, including 
differences in the assumed impacts of diseases on the removal 
rates, differences in piglet prices, and differences in the modeling 
approaches used.
Our results demonstrate that the optimal lifetime of a sow is 
not a fixed number, as Kristensen and Søllested (13) have already 
shown. Instead, it depends on several parameters such as litter 
size, piglet mortality, reproductive efficiency, and sow health. 
Hence, if someone suggests that it is optimal to remove a sow 
after a specific parity, one should explore first whether they are 
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referring to an average optimal terminal parity. According to our 
results, it is optimal for a healthy sow to stay in the herd until at 
least sixth or seventh parity. Thereafter, it is optimal to remove 
the sows producing the smallest litters, but sows producing large 
litters might stay until their ninth or tenth parity.
When evaluating sow longevity, it is essential to pay attention 
to variation in parameters such as litter size, sow replacement 
rate, piglet mortality, and sow health. Sow productivity, espe-
cially litter size, can vary substantially from litter to litter, with 
important economic consequences. Yet, sows in their first three 
to five parities should not necessarily be removed due to a small 
litter size because litter size varies so much. However, some recent 
studies have suggested also the opposite, i.e., more intensive use 
of information regarding the first and second parity performance, 
when deciding to remove a sow [e.g., Ref. (48)]. Litter size could 
indeed play a more important role in sow removal if a producer is 
able to reduce the overall removal rates and improve sow health, 
because at a lower overall removal rate, the sow needs to produce 
larger litters to stay in the herd.
Our study design limits the generalizability of our results 
to individual farms. Disease-related parameter values in our 
model were collected from a small research farm with thorough 
record keeping and educated diagnostic abilities. Our results 
are estimated at the sow level and represent the distribution of 
outcomes at the herd level. Because the situation may vary from 
herd to herd, applying the results will require information on 
farm-specific factors. The information needed includes detailed 
data on animals and knowledge on the costs of treatment 
and treatment efficacy or cost-effectiveness, which are often 
unavailable.
The benefit of our approach, though, is that it can be used 
to conduct what-if-analyses. In this study, we showed that the 
elimination of PPDS and locomotory disorders has the potential 
to improve return on sow space unit and increase sow longevity. 
The animal disease literature has suggested potential measures 
to lower the incidence of these two diseases. These measures 
include, depending on the disease and risk factors present at the 
farm, gilt development, and selection, improvements in sows’ 
nutrition and hygiene, quality of stockmanship, and flooring (28, 
49–52). Although the diseases could in theory be fully eradicated, 
in practice, not all costs caused by the two diseases are avoid-
able. Preventive measures also incur costs. Hence, the potential 
to improve return on sow space unit is less than the estimated 
economic burden of the diseases. Our results can nevertheless 
motivate producers to consider taking actions. Investigating the 
economic rationale of these measures is beyond the scope of 
our study, but our model could be used in such an investigation, 
which has not been conducted thoroughly from an economic 
perspective.
Production diseases of sows are a challenging area for preven-
tion, treatment, clinical research, and modeling as they produce 
substantial economic burden for the whole pork production 
chain at all levels and impairs welfare of individual animals. 
Given the lack of data currently available, rigorous studies are still 
needed to quantify this burden appropriately to and determine 
the best course for accurate diagnosis, treatment, and preven-
tion strategies. Improved understanding of the costs related to 
diseases can help motivate the implementation of direct animal 
health interventions. Improving animal health offers a win–win 
opportunity to improve both the farm economic performance 
and animal welfare.
aUThOr cOnTribUTiOns
JN was the main responsible for this study. He contributed to all 
parts of the study and, especially, developed the model applica-
tion in practice, undertook data analysis and initial drafting of 
the article, and contributed to in outlining the research focus and 
the idea of the article. PB collected literature on diseases in sows, 
information based on the 40 farms dataset and on the current 
level of productivity of sows farms, and to the discussion sec-
tion of the article. SO analyzed data from the experimental farm 
used in the model and provided information to the manuscript. 
M-LS-A contributed the data, which were used to quantify lit-
ter size, piglet mortality, and sow replacement rates without a 
disease, and she contributed to planning of the initial dynamic 
model. MH supervised the project and contributed to planning 
the analyses and outlining the research focus and idea of the 
article. All authors contributed to preparing the article.
FUnDing
This study contains work conducted within two research pro-
jects. Funding from the Ministry of Agriculture and Forestry in 
Finland is gratefully acknowledged (Dnro 1807/312/2012 and 
4519/502/2006). These projects have received funding also from 
the Finnish Slaughterhouse Industry, Faba Breeding, the Central 
Union of Agricultural Producers and Forest Owners, and Oiva 
Kuusisto Foundation. PB is grateful for the financial support from 
the Emil Aaltonen Foundation.
reFerences
1. European Commission. Attitudes of Europeans towards Animal Welfare. Special 
Eurobarometer 442. TNS Opinion and Social. Brussels: European Commission 
(2016).
2. Clark B, Stewart GB, Panzone LA, Kyriazakis I, Frewer LJ. A systematic review 
of public attitudes, perceptions and behaviours towards production diseases 
associated with farm animal welfare. J Agric Environ Ethics (2016) 29:455–78. 
doi:10.1007/s10806-016-9615-x 
3. Miller GY, Dorn CR. Costs of swine diseases to producers in Ohio. Prev Vet 
Med (1990) 8:183–90. doi:10.1016/0167-5877(90)90010-F 
4. Niemi HK, Jones P, Tranter R, Heinola K. Cost of production diseases to 
pig farms. Abstract Retrieved from 24th International Pig Veterinary Society 
Congress, Abstracts Book, 7–10 June 2016. Dublin, Ireland (2016). 302 p.
5. Morris RS. The application of economics in animal health programmes: 
a practical guide. Rev Sci Tech (1999) 18:305–14. doi:10.20506/rst.18. 
2.1173 
6. D’Allaire S, Stein TE, Leman AD. Culling patterns in selected Minnesota swine 
breeding herds. Can J Vet Res (1987) 51:506–12. 
7. Engblom L. Culling and Mortality among Swedish Crossbred Sows [Dissertation]. 
Uppsala: Sveriges lantbruksuniversität, Acta Universitatis Agriculturae Sue-
ciae (2008). p. 1652–6880, 7.
11
Niemi et al. Costs of Disorders in Sows
Frontiers in Veterinary Science | www.frontiersin.org October 2017 | Volume 4 | Article 181
8. Segura-Correa JC, Ek-Mex E, Alzina-López A, Segura-Correa V. Frequency 
of removal reasons of sows in Southeastern Mexico. Trop Anim Health Prod 
(2011) 43:1583. doi:10.1007/s11250-011-9847-8 
9. Jensen TB, Toft N, Bonde MK, Kongsted AG, Kristensen AR, Sørensen JT. 
Herd and sow-related risk factors for mortality in sows in group-housed 
systems. Prev Vet Med (2012) 103:31–7. doi:10.1016/j.prevetmed.2011. 
09.009 
10. Gruhot T, Calderón Díaz JA, Baas TJ, Dhuyvetter KC, Schultz LL, Stalder 
KJ. An economic analysis of sow retention in a United States breed-to-wean 
system. J Swine Health Prod (2017) 25:238–46. 
11. Rojo-Gimeno C, Postma M, Dewulf J, Hogeveen H, Lauwers L, Wauters E. 
Farm-economic analysis of reducing antimicrobial use whilst adopting 
improved management strategies on farrow-to-finish pig farms. Prev Vet 
Med (2016) 129:74–87. doi:10.1016/j.prevetmed.2016.05.001 
12. Huirne RBM. Computerized Management Support for Swine Breeding Farms. 
[Dissertation]. Wageningen: Wageningen Agricultural University (1990).
13. Kristensen AR, Søllested TA. A sow replacement model using Bayesian 
updating in a three-level hierarchic Markov process. Livest Prod Sci (2004) 
87:13–24. doi:10.1016/j.livprodsci.2003.07.005 
14. Rodriguez-Zas SL, Davis CB, Ellinger PN, Schnitkey GD, Romine NM, 
Connor JF, et al. Impact of biological and economic variables on optimal parity 
for replacement in swine breed-to-wean herds. J Anim Sci (2006) 84:2555–65. 
doi:10.2527/jas.2005-635 
15. Nieuwenhuis NO, Duinhof TF, van Nes A. Economic analysis of outbreaks 
of porcine reproductive and respiratory syndrome virus in nine sow herds. 
Vet Rec (2012) 170:225. doi:10.1136/vr.100101 
16. Holtkamp DJ, Kliebenstein JB, Neumann EJ, Zimmerman JJ, Rotto HF, 
Yoder TK, et al. Assessment of the economic impact of porcine reproductive 
and respiratory syndrome virus on United States pork producers. J Swine 
Health Prod (2013) 21:72–84. 
17. Stygar A, Niemi J, Oliviero C, Laurila T, Heinonen M. Economic value of 
mitigating Actinobacillus pleuropneumoniae infections in pig fattening herds. 
Agric Syst (2016) 144:113–21. doi:10.1016/j.agsy.2016.02.005 
18. Rodríguez SV, Jensen TB, Plà LM, Kristensen AR. Optimal replacement 
policies and economic value of clinical observations in sow herds. Livest Sci 
(2011) 138:207–19. doi:10.1016/j.livsci.2010.12.026 
19. Martineau GP, Farmer C, Peltoniemi O, Ramirez A, Schwartz KJ, Stevenson GW. 
Mammary system. In:  Zimmerman  JJ,  Karriker  LA, editors. Diseases of 
Swine. Ames, IA: John Wiley & Sons Inc (2012). p. 295–318.
20. Heinonen M, Peltoniemi O, Valros A. Review article. Impact of lameness 
and claw lesions in sows on welfare, health and production. Livest Sci (2013) 
156:2–9. doi:10.1016/j.livsci.2013.06.002 
21. Dijkhuizen AA, Krabbenborg RMM, Huirne RBM. Sow replacement— 
a comparison of farmers actual decisions and model recommendations. 
Livest Prod Sci (1989) 23:207–18. doi:10.1016/0301-6226(89)90015-8 
22. Wallgren P, de verdier K, Sjölund M, Zoric M, Hulten C, Ernholm L, et al. 
Hur mycket kostar sjukdomar för lantbrukets djur? Uppsala: Statens veterin-
ärmedicinska anstalt (2010) (in Swedish).
23. Willgert K. The Economic and Welfare Impact of Lameness in Sows in England. 
Report. London: Royal Veterinary College (2011).
24. Stalder KJ, Knauer M, Baas TJ, Rothschild MF, Mabry JW. Sow longevity. 
Pig News Inf (2004) 25:53–74. 
25. van Gelder KN, Bilkei G. The course of acute-phase proteins and serum cor-
tisol in mastitis-metritis-agalactia (MMA) of the sow and sow performance. 
Tijdschr Diergeneeskd (2005) 130:38–41. 
26. Klopfenstein C, Farmer C, Martineau GP. Diseases of the mammary glands. 
In:  Straw  BE,  Zimmerman  JJ,  D’Allaire  S,  Taylor  DJ, editors. Diseases of 
Swine. Ames: Blackwell Publishing (2006). p. 57–74.
27. Papatsiros VG, Alexopoulos C, Kyriakis SC. Postpartum dysgalactia syndrome 
of sows. J Hell Vet Med Soc (2007) 58:61–75. 
28. Maes D, Papadopoulos G, Cools A, Janssens GPJ. Postpartum dysgalactia 
in sows: pathophysiology and risk factors. Tierärztl Prax (2010) 38(Suppl 1): 
S15–20. 
29. Pendl W, Jenny B, Torgerson PR, Spring P, Kümmerlen D, Sidler X. Effect 
of herd health management on the prevalence of postpartum dysgalaktie 
syndrome (PPDS) and the treatment incidence. Schweizer Archiv für Tier­
heilkunde (2017) 159:109–16. doi:10.17236/sat00105 
30. Papadopoulos GA, Vanderhaeghe C, Janssens GP, Dewulf J, Maes DG. Risk 
factors associated with postpartum dysgalactia syndrome in sows. Vet J (2010) 
184:167–71. doi:10.1016/j.tvjl.2009.01.010 
31. Jorsal SE. Epidemiological and Statistical Analysis of Disease Records from 
Pig Testing Stations [Ph.D. thesis]. Copenhagen, Denmark: University of 
Copenhagen (1983).
32. Bäckström L, Morkoc AC, Connor J, Larson R, Price W. Clinical study of 
mastitis-metritis-agalactia in sows in Illinois. J Am Vet Med Assoc (1984) 
185:70–3. 
33. Bertschinger HU. Coliform mastitis. In:  Straw  BE,  D’Allaire  S,  Mengeling 
WL, Taylor  DJ, editors. Diseases of Swine. Ames: Iowa State University Press 
(1999). p. 457–64.
34. Thorup F. Effect of treatment for MMA – retrospective observations. 
Proceedings of the 17th International Pig Veterinary Society Congress 2000. 
Melbourne, Australia: (2000). 97 p.
35. Krieter J, Presuhn U. Genetische Parameter für die Behandlungsfrequenz 
beim MMA-Syndrom (genetic parameters for MMA treatment in sows). 
Züchtungskd (2009) 81:149–54. 
36. Cador C, Pol F, Hamoniaux M, Dorenlor V, Eveno E, Guyomarc’h C, et al.  
Risk factors associated with leg disorders of gestating sows in different 
group-housing systems: a cross-sectional study in 108 farrow-to-finish farms in 
France. Prev Vet Med (2014) 116:102–10. doi:10.1016/j.prevetmed.2014.05.004 
37. Anil SS, Anil L, Deen J. Effect of lameness on sow longevity. J Am Vet Med 
Assoc (2009) 15:734–8. doi:10.2460/javma.235.6.734 
38. Bellmann R. Dynamic Programming. New Jersey: Princeton University Press 
(1957).
39. Niemi J, Partanen K, Puolanne E, Ruusunen M, Sevón-Aimonen M-L, Voutila L, 
et  al. Sikarotuyhdistelmien erot tuotanto­ ja lihan laatuominaisuuksissa ja 
erojen taloudellinen merkitys (Differences between Pig Breeds in Production 
and Meat Quality Traits and Economic Significance of the Differences). Final 
Report of a Research Project. Helsinki: MTT Agrifood Research Finland and 
University of Helsinki (2010) (in Finnish).
40. Luke. Feeding Tables and Feeding Recommendations. Helsinki: Natural 
Resources Institute Finland (2016). Available from: www.luke.fi/rehutaulukot
41. Parviainen H. The Research of Working Time and Working Methods in a 
Rationalized Piggery (In Finnish with an English Abstract). Work Efficiency 
Institute Agricultural Bulletin 534. Rajamäki: Work Efficiency Institute (2001).
42. MMM. Maa­ ja metsätalousministeriön asetus tuettavaa rakentamista koskev­
ista sikaloiden rakennusteknisistä ja toiminnallisista vaatimuksista (Decree 
of the Ministry of Agriculture and Forestry on the Technical and Functional 
Requirements of Pig Houses for Subsidized Building). MMMa 243/2010. 
Helsinki: Ministry of Agriculture and Forestry (2010). Available from: http://
www.finlex.fi/fi/laki/alkup/2010/20100243
43. Ljunqvist L, Sargent TJ. Recursive Macroeconomic Theory. Cambridge: MIT 
Press (2000). 701 p.
44. Serenius T, Sevon-Aimonen ML, Kause A, Mäntysaari EA, Mäki-Tanila 
A. Selection potential of different prolificacy traits in the Finnish Landrace 
and Large White populations. Acta Agr Scand A Anim Sci (2004) 54:36–43. 
doi:10.1080/09064700310019082
45. Niemi JK, Lehtonen H, Pietola K, Lyytikäinen T, Raulo S. Economic implica-
tions of potential classical swine fever outbreaks for Finnish pig production 
sector. Prev Vet Med (2008) 84:194–212. doi:10.1016/j.prevetmed.2007.12.006 
46. Niemi JK, Lehtonen H. Modelling pig sector dynamic adjustment to livestock 
epidemics with stochastic-duration trade disruptions. Eur Rev Agric Econ 
(2011) 38:529–51. doi:10.1093/erae/jbq047 
47. Lyytikäinen T, Niemi JK, Sahlström L, Virtanen T, Rintakoski S, Kyyrö J, et al. 
The Effects of Structural Change in Agriculture on the Spread of Animal Disease 
in Finland. Evira Research Reports 3/2015. Helsinki: Finnish Food Safety 
Authority (2015). Available from: http://www.evira.fi/portal/en/about+evira/
publications/?a=view&productId=424
48. Iida R, Piñeiro C, Koketzu Y. High lifetime and reproductive performance of 
sows on southern European Union commercial farms can be predicted by 
high numbers of pigs born alive in parity one. J Anim Sci (2015) 93:2501–8. 
doi:10.2527/jas.2014-8781 
49. Pluym L, van Nuffel A, Maes D. Treatment and prevention of lameness with 
special emphasis on claw disorders in group-housed sows. Livest Sci (2013) 
156:36–43. doi:10.1016/j.livsci.2013.06.008 
50. Pluym LM, Maes D, Weyenberg S, van Nuffel A. Risk factors for development 
of lameness in gestating sows within the first days after moving to group 
housing. Vet J (2017) 220:28–33. doi:10.1016/j.tvjl.2016.11.008 
51. Le TH, Madsen P, Lundeheim N, Nilsson K, Norberg E. Genetic association 
between leg conformation in young pigs and sow longevity. J Anim Breed 
Genet (2016) 133:283–90. doi:10.1111/jbg.12193 
12
Niemi et al. Costs of Disorders in Sows
Frontiers in Veterinary Science | www.frontiersin.org October 2017 | Volume 4 | Article 181
52. Tinkle AK, Duberstein KJ, Wilson ME, Parsley MA, Beckman MK, Azain MJ, 
et  al. Functional claw trimming improves the gait and locomotion of sows. 
Livest Sci (2017) 195:53–7. doi:10.1016/j.livsci.2016.10.013 
Conflict of Interest Statement: The authors declare that the research was con-
ducted in the absence of any commercial or financial relationships that could be 
construed as a potential conflict of interest.
Copyright © 2017 Niemi, Bergman, Ovaska, Sevón­Aimonen and Heinonen. This 
is an open­access article distributed under the terms of the Creative Commons 
Attribution License (CC BY). The use, distribution or reproduction in other forums 
is permitted, provided the original author(s) or licensor are credited and that the 
original publication in this journal is cited, in accordance with accepted academic 
practice. No use, distribution or reproduction is permitted which does not comply 
with these terms.
